ALY AL A 5. 2025, 33(12)
1 -l‘-l- 5 m FH Computer Measurement & Control -+ 303

TEHS 1671 - 4598(2025)12 - 0303 -09  DOI:10. 16526/j. cnki. 11-4762/tp. 2025. 12. 039 fhE S %S TP311 X ERARIRAG A

MeEN=ESRSEE NV RITIL
it Ml 7 3K iR 3 Tl

REH, BEZ

MR 2B N TR AEBE. )7 511300)

WE: AT W il 75 R B 3l b A e i S R 1 06 AR AR TR XE Y IR, AT ST 4R ) — i g I 2 TR LS R T LA
B 20 S 2 TN U7 3 5 S A 0 sl 75 SR B AT SISO A R . R 2 RO AR AE 5 R A 1) — (] 3 R T AL
il B A5 48 58 S BT Ml 5 PR BRI B R AR 3 5 R P 1] A AR ) 3 R 2 31 £ TR AT oMl ) 2 ] 4R 1 O 2R R A
BEs G [ 58 HAR e S2 B A 45 40 5 gl A5 P AR AR 9 BB A . RSB 22 O HUE R A BN A5 AR ik g
SRR ZITETE R AR 55l Gy s b P S 2 X R 25 (MAE) 235558 0.55 F1 0. 72, F4EXTH 2 lLik%E (MAPE)
T 9.5% . Moran’s THEEUNT 0. 01, BiE T H 785 % 23 2l 454 $2 5 98 S ook Wy B2 07 AT A9 5 80k S5 A P T IX3R
A R 5 5N 7 R R ] B A AT A RO S

KW WA EERG ERIIPLE XU E R A ATk R s S T

Industry Employment Demand Fluctuation Prediction by Integrating
Spatiotemporal Graph Convolution and Attention Mechanism

GENG Yanli, XU Shengchao
(School of Artificial Intelligence, Guangzhou Huashang College, Guangzhou 511300, China)

Abstract: To address the difficulty in modeling complex spatiotemporal coupling relationships in industry employment
demand fluctuations, This paper proposes a multi-granularity dynamic prediction method integrating spatiotemporal graph
convolution and attention mechanism, constructs multi-scale input features through long-term and short-term dual-perspec-
tive sampling for employment demand data, dynamically enhances the feature representation of key industry nodes and event-
sensitive periods using a spatiotemporal attention mechanism, extracts spatial dependencies and temporal patterns among in-
dustries through graph convolution and temporal convolution, introduces a bidirectional graph interaction module to achieve
adaptive fusion of static structure and dynamic temporal features, and outputs final prediction results in combination with a
multi-layer perceptron. Experimental results show that the method achieves the mean absolute errors (MAE) of 0. 55 and
0. 72 in manufacturing and service scenarios, respectively, with a mean absolute percentage error (MAPE) of below 9.5%
and a Moran’s I index of less than 0. 01, validating its effectiveness and robustness in capturing complex spatiotemporal dy-
namics and responding to sudden shocks. thereby providing a reliable data support for formulating regional employment poli-
cy and planning human resource.

Keywords: spatiotemporal graph convolution; attention mechanism; bidirectional graph interaction module; industry

employment demand; volatility forecast
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