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Review of Fault Knowledge Graph Technology System

CHEN Xueying, LI Shujian, ZHOU Chengning, YANG Taibo, LIU Caixue
(Nuclear Power Institute of China, Chengdu 610213, China)

Abstract: With the increasing complexity of equipment. it needs higher requirements for equipment maintenance and
fault diagnosis. As a new fault diagnosis technology, fault knowledge graph has the advantages of structured storage, visual
display, multi-source data fusion, and real-time update. In order to deeply understand the research idea of fault knowledge
graph and grasp its future research direction, the research status of main technologies in fault knowledge graph is analyzed
and summarized. From the definition and development process in knowledge graph, the definition and research status of fault
knowledge graph are extended. And the key technology of each layer of fault knowledge graph is introduced, the research
method of each technology and related research status is analyzed. Based on current research status and future technology de-
velopment trend, the future research direction of fault knowledge graph is prospected. which provides reference and enlight-
enment for further research on fault knowledge graph.
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