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Optimization Method for the MobileNetV3 Model Based on
Threshold Unstructured Pruning
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Abstract; To address the efficient application of deep learning models on mobile devices and embedded systems, study
on the MobileNetV3 model is optimized; This paper analyzes how pruning techniques can reduce the computation and param-
eters of the model to enhance its efficiency in resource-constrained environments; A strategy combining coarse-grained chan-
nel pruning and fine-grained unstructured pruning is presented. significantly reducing parameters and computational over-
head; To compensate for the accuracy degradation caused by pruning, a depth enhancement strategy is incorporated to re-
store performance by increasing model depth; The technical innovation lies in the combination of coarse-grained and fine-
grained pruning, effectively balancing the accuracy and computational efficiency of the model; Experiments on the CIFAR-10
and CIFAR-100 datasets verify the method, and the results show that the optimized model significantly reduces computation-
al costs while maintaining a high classification accuracy, with accuracy improvements of 8. 1% on CIFAR-100 and 2. 08% on
CIFAR-10, respectively; This method is suitable for resource-constrained devices, meeting practical requirements for low
computational cost and high accuracy.
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