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Review of Steel Plate Surface Defect Detection Based on Deep Learning

LIAO Xiaoqun, LI Dan, XU Qingchuan
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of Science and Technology, Xi'an 710600, China)

Abstract; As the cornerstone of modern manufacturing, the surface quality of steel plates plays a decisive role in the per-
formance and reliability of products. Therefore, it is of great significance and application value to detect the surface defects of
steel plates. the surface defect detection of steel plates has main challenges such as diversity of defect types, indistinct fea-
tures, and high real-time performance. Deep learning technology is used to study surface defect detection of steel plates, this
paper systematically summarizes commonly used datasets and target detection algorithms in surface defects of steel plates,
comprehensively arranges and analyzes the advantages and disadvantages of these algorithms, explores the applications of su-
pervised learning, unsupervised learning, and semi-supervised learning methods in steel plate surface defect detection, evalu-
ates key indicators of current algorithms, discusses the challenges of steel plate surface defect detection, and prospects re-
search trends in the future.
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