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Review of Bearing Fault Modes and Fault Diagnosis Methods

XIE Chenghui', WANG Xing', XIAO Fahou', PENG Dongchun', MEI Yan?, LIU Pengpeng®
(1. Wan’an Hydropwer Plant, Chn Enegry Jiangxi Power Co. , Ltd. , Wanan 343800, China;
2. Chengdu Zoom Check Science & Technology Co. , Ltd. , Chengdu 610000, China)

Abstract: As one of the key components of mechanical equipment, bearings play an important role in reducing operation-
al friction and providing guidance for the rotation of transmission components, which is widely used in agriculture, manufac-
turing, transportation and other fields. Due to long-term operation under high load, strong impact and complex environment,
bearings often fail and lead to equipment failure, which may lead to huge economic losses and safety accidents in severe cases.
Therefore, it is very necessary to monitor the running state of bearings and diagnose the defects or faults. For the above
background, this paper summarizes the types and diagnosis methods of bearing faults, introduces fault types and causes of
bearing faults, presents the general process of bearing fault diagnosis and the types of commonly used sensors. and analyzes
the application of three kinds of fault diagnosis methods in bearing fault diagnosis and their advantages and disadvantages.
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