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Design and Implementation of a Massive Target Rendering System

Based on K-Means + + and GeoHash

KONG Weijiang, WANG Yu, CHEN Lu, CHEN Panjun, HUANG Tuwen
100086, China)

Abstract: To solve the urgent issue of processing and rendering the massive data of targets in the digital era, and due to

(Space Star Technology Co. . Ltd. , Beijing

the limitations of data scale and complexity, as well as image display devices, traditional rendering methods cannot meet the
requirements of real-time, high-performance and latitude and longitude based scenarios. Therefore, an innovative massive
target rendering system is proposed. Based on the Hadoop distributed architecture, the system combines the K-Means + +
algorithm with the GeoHash geocoding technology for the first time. Finally, a rendering strategy based on target aggrega-
tion is introduced to realize the efficient classification and coding for the massive data of targets, thus improving the rendering
efficiency and quality. After experimental testing and comparative analysis, the system has the advantages of high speed, sta-
bility, extensibility and good visualization in rendering massive data sets. It meets the requirements of real-time, adaptabili-
ty. and latitude and longitude based rendering, and has a broad application prospect.

Keywords: K-Means + + algorithm; GeoHash encoding; massive data; target rendering; distributed framework
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