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Offload Method of Mobile Edge Computing Task Based on
Reinforcement Learning

CHEN Gang, WANG Zhijian, XU Shengchao
(School of Data Science, Guangzhou Huashang College, Guangzhou 511300, China)

Abstract: Optimal offloading strategy directly affects the latency and energy consumption of mobile computing task offloading.
Therefore., a mobile edge computing task offloading method based on reinforcement learning is proposed. Firstly, the specific analysis
of task offloading form for mobile devices is carried out, and based on the analysis results, the parameters such as energy consump-
tion, transmission power, and transmission rate for task offloading are obtained, thereby establishing a mobile edge computing task
offloading model. Finally, based on the established offloading model and combined with the Q-Learning algorithm, reinforcement
learning is applied to determine the optimal offloading strategy for computing tasks, thus achieving the real-time offloading of mobile
edge computing tasks. Experimental results show that when using reinforcement learning for the mobile edge computing task offload-
ing, the offloading energy consumption is low, only 0. 87 J, and the latency is small, no more than 6 s.

Keywords: strengthening learning methods; Q-learning algorithm; mobile edge; calculation task unloading; unloading model
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