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Target Speech Extraction Algorithm Based on Embedded Attention Mechanism

GUOQO Zhikai, YANG Mingkun, JIANG Guofeng, TAO Qi, LIU Huanhuan, MA Hongqgiang
(Aircraft Maintenance NCO Academy of Air Force Engineering University, Xinyang 464099, China)

Abstract: Aiming at the problem of speaker speech extraction, a monophonic speaker speech extraction method based on deep
neural network multi-task learning embedded attention mechanism is proposed. The algorithm unifies the speech separation and speech
extraction into single framework, embeds the speaker attention mechanism in the spectrum mapping separation network, obtains the
time-varying attention weight in the attention mechanism of the speaker auxiliary information. utilizes the time-varying attention
weight to separate the internal embedded vector of the target speaker, and then adopts the extraction model to perform nonlinear pro-
cessing operations on the embedded vector of the target speaker, estimates the mask corresponding to the target speaker, and then ex-
tracts the target speaker’ s voice. At the same time, by means of the TIMIT dataset, the speech extraction experiments are carried
out. The experimental results show the feasibility and effectiveness of the proposed algorithm, and it has obvious superiority in the
performance of speaker speech extraction.

Keywords: deep neural network; monophonic speaker speech extraction; multi-task learning; embedded attention mechanism
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signal approximation) H#¥RJriE#AT T X LS, 45 Rk
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dB
W5 1 SDR SAR SIR
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SA 10.636 8 | 16.581 4 | 16.5815
SMM 8.2235 14.126 9 | 14.127 1
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