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Individual Identification Method of Adversarial-based Consistency
Regularization Semi-supervised Emitter

WANG Tianchi, YU Lu, HE Dejun
(College of Communication Engineering, Army Engineering University of PLA, Nanjing 210007, China)

Abstract: Aiming at the problem of low recognition accuracy in the traditional emitter individual technology and small number of
labeled signal samples, and the data distribution of the signals to be identified is changing due to the actual channel, an adversarial-
based consistency regularization semi-supervised emitter identification method is proposed. The method first introduces the concept of
adversarial-based domain adaptation in the consistency regularization semi-supervised method, and a network model is established to
extract the features of domain invariant, namely the alignment of signal features under the different signal-to-noise conditions, so that
the improved semi-supervised model trained on the original signal can achieve the high accuracy recognition of signals under the condi-
tions of other signal-to-noise ratios. Experiments are conducted on the ORACLE RF fingerprint dataset with different training set set-
tings, the experimental results show that the adversarial-based consistency regularization semi-supervised emitter identification method

has the higher recognition accuracy than the fully-supervised method and the consistency regularization semi-supervised method in the

actual scenario.
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