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Health Status Identification of Bearing Based on CSO-SVM
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2. Unit 61035 of PLA, Beijing 100094, China)

Abstract: Support vector machine is the machine learning algorithm based on statistical theory. It has the advantages of solving
high-dimensional, local extremum and structure selection problems. It is widely used in machine learning and data mining. However,
the selection of its kernel width and penalty factor is directly related to the classification results of support vector machine. To solve
the above problems, the optimization algorithm is used to optimize the parameters and improve the classification accuracy of support
vector machine to a certain extent. Chicken swarm optimization algorithm is a new global optimization algorithm proposed in recent
years, It has clear structure and excellent global search ability, It is widely used in optimization problems. Based on this, a support
vector machine model based on chicken swarm optimization (CSO-SVM) is proposed, which is used to evaluate the bearing health sta-
tus. The results show that the accuracy of bearing health state evaluation based on the CSO-SVM is up to 97 % , which is much higher
than that of the health state model based on traditional machine learning model, and has better health state recognition effect.
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