AL R S5 EE. 2022, 30(6)

« 182 - Computer Measurement & Control

gt 58 A

XEHS:1671 -4598(2022)06 - 0182 - 08

DOI:10. 16526/j. cnki. 11-4762/tp. 2022. 06. 028 FES %S TP391. 4 HERARIRED A

ETXBESHRES S AN —WREITARINTIE

3 7&%1,2’ ZHH2
(1. VLM K2 VLM TR 2EBe, Y098 o8 2141225
2. LA BRI EEAHARESLEE, L7 L% 214122)

WE: TTHBRIE ISR P — TR, N TP LR NS MRS B DR 3T AT AR A 53 75 45 A7
b BER SEHE fE B TR SR s 75 A RAT S BUIHE SR th gl A B AR I R OC B A T B, R TR THRES IS5 A -9
ZEAT NGNS B, B SR IiRA (GMM, gaussian mixture modeD 7§ 5t @A AR I 12 3 H AR, RIAT S BT
KAl OpenPose Sk EAT S A4l . PUMNAIIRAT 2005 oWk BFh & BUAT v U000 07 15 & R Wt v SCIE A TR T YOLOWS
FAG IR Y A B AR, R TILEE (Auction) MEA— YRGS AL, WEA YL EXREMERR T
WJE . BT AR — WSS R FR IR T AT P SR A S A B A 2R AR LSRR PR 3B 37 S5 i X B 4R D7 R R AT B UE
Bro SEHRE R, %073 Al LUXS AL H AR R 2 N 4000 52 A 3R 358 b 19 I 48 9 00 A T AT v 1 0

KB PO AWISCEAT NYUN: AR EAMT WL

Human-object Interaction Behavior Recognition Method in
Express Scene Based on Key Gesture
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Abstract: Unpacking inspection is an important part in the express scene. In order to prevent the presence of flammable and ex-
plosive dangerous goods in the package, staff must carry out the unpacking inspection of dangerous goods according to the industry re-
quirements before packaging. Target detection and key pose estimation algorithms are introduced into the human action recognition
framework, and a deep learning-based human-object interaction behavior recognition algorithm is proposed. Firstly, the background
method of improving the Gaussian mixture model (GMM) is used to detect moving objects, and extract the key frames of behavior, by
using the OpenPose algorithm for pose estimation. the initial behavior categories are identified; Secondly, the algorithm for behavior
recognition misses the problem of item semantic information, using the YOLOv5 algorithm detects the type and location of the interest
object, a multi-person-multi-object optimal allocation algorithm is proposed based on the auction algorithm, which constructs the fea-
ture descriptor of the human-object interaction relationship; Finally, the initial behavior label and the human-object interaction rela-
tionship are fused. the final recognition result is obtained. Taking the actual express scene as an example to verify and analyze the
proposed method, the experimental results show that the method can accurately identify the unpacking inspection behavior in the com-
plex environment with similar targets and multi-person interference.

Keywords: express inspection; human-object interaction behavior recognition; target detection; attitude estimation; deep learning
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