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A Review of Big Data— Driven Intelligent Fault Diagnosis Techniques for
Iron and Steel Industry
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Abstract: Big data has brought new opportunities and challenges to intelligent fault diagnosis in iron and steel industry. Accord-

201209, China;

ing to the characteristics of big data, this paper completes an overview on recent industrial fault diagnosis approaches from the per-
spectives of data collection and real — time monitoring, machine learning — based diagnosis methods, and the applications of transfer
learning. Analysing actual needs and current issues of iron and steel enterprises, an overlook on the future development of fault diag-
nosis for blast furnace ironmaking based on a novel holistic “System — Module— Function— Attribute” hierarchical structure is presen-
ted, with the aim of promoting the green and digital transformation in manufacturing industries.
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