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Abstract; Compared with literature blind detection algorithms of MPSK system based on statistics, the Complex Hopfield Neural
Network with Amplitude Phase type Hard Multistate activation function (CHNN _ APHM) can be used to blindly detect with shorter
received signals and it is appropriate for channels with common zeros, so it can satisfy the requirements that proposed for the reliabili-
ty of the wireless digital communication system. To improve the performance of CHNN APHM this paper proposes a Disturbed Com-
plex Transiently Chaotic Neural Network with Amplitude— Phase— type Hard Multistate activation function (DCTCNN _ APHM ),
constructs a new energy function and proves the stability mode respectively. The algorithm uses transient chaotic neural network to
improve the anti— noise performance, and the chaotic of one dimension sinusoidal mapping initialization to obtain the original signal at
the initial moment, and selects the small perturbation factor with high correlation with the transmitted signal to make the algorithm
jump out of the local optimal solution. Experimental simulation results show that the MPSK blind detection algorithm with perturba-
tion amplitude phase— phase discrete amplitude multi—level transient chaotic neural network requires fewer starting point, can con-

verge under smaller signal—to— noise ratio and shorter data length.
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