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Power Load Forecasting Based on Periodic Truncated Grey System

Zhang Haining', Wang Song', Zheng Zheng', Xia Min®
(1. Economics and Technology Research Institute of State Grid Henan Electric Power Company, Zhengzhou 450052, China;
2. Jiangsu Key Laboratory of Big Data Analysis Technology, Nanjing University of Information Science and Technology.,
Nanjing 210044, China)

Abstract: Power load forecasting is an important basis for power system scheduling and power production planning. The power load time
series has obvious periodicity characteristics. Traditional power load forecasting mainly focuses on forecasting methods, but ignores the anal-
ysis of periodic characteristics of power load data, which affects the accuracy of prediction. According to the periodic characteristics of power
load time series, a grey system model based on periodic truncation is proposed to predict the power load. The model uses periodic truncation
to reflect the periodic characteristics of load data and improves the prediction accuracy. Simulation uses EUNITE Network public load data to
evaluate the performance of the algorithm, and compare with some mainstream power load forecasting algorithms: BP neural network, ex-
treme learning machine, auto regression model and traditional grey system model. The simulation results show that the normalized mean

square error and absolute mean error are minimum for the proposed method. The periodic truncated grey system provides a new effective

method for power system load forecasting.
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