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Handwritten Numeral Recognition Based on Improved

Convolutional Neural Network

Du Yang, Wang Zhanqging
430070, China)

Abstract; A handwritten digit recognition algorithm based on improved convolutional neural network (CNN) is proposed

(School of Science, Wuhan University of Technology, Wuhan

to solve the problem of handwritten score recognition on the examination paper. This algorithm uses multi— layer feature fu-
sion and mixed sampling in the process of network extracting image features, to achieve the full extraction of image feature in-
formation. Further the adjusting strategies of learning rate self—adapting and the methods of increasing the momentum items
are used to improve the network training speed in the network training stage. Finally, the SVM classifier has been used for
classification identification. The experimental results show that the algorithm effectively improves the recognition rate of hand-

written digits and shortens the learning time, which is much better than the regular CNN model and the other compared meth-

ods. Simulation experiments on the MNIST data sets show the effectiveness of the proposed algorithm.
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