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Fault Matrix Based Bayesian Fault Localization Approach
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Abstract: Accurate diagnosis and localization of fault is the premise for providing continuous services in Cloud systems. In order to im-

prove the performance of fault diagnosis and localization, this paper proposed a fault matrix based Bayesian fault localization approach. First-

ly, we abstracted the software architecture of Cloud computing system, defined the concept of transaction, and described the execution path

of transaction. Secondly. we represented multiple execution paths as fault matrix, and defined the logic proposition of health for components.

Finally, we applied the Bayesian probability to analyze the probabilities of system faults. The experiments show that, compared with other

related works, the proposed approach has higher accuracy and less execution time for fault recognition.
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