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SAR Target Recognition Based on Human Visual Cortical System

Ni Jiacheng, Xu Yuelei, Ma Shiping, Li Shuai
(Institute of Aeronautics and Astronautics Engineering, Air Force Engineering University, Xi’ an 710038, China)
Abstract: A method for SAR image target recognition based on human visual cortical system is presented in this paper since human Vi-
sion system is the most complex and accurate recognition system. First a new SAR Image preprocessing method is proposed. Then a sparse

autoencoder is used to extract useful features by limit the number of cells in each layer. Experiment result of MSTAR public data show a bet-

ter performance of recognition.
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